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Why is this paper so important?
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Summary



“The first transduction model relying entirely on self-
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without using sequence-aligned RNNs or convolution.”
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The Bottleneck Problem

bottleneck

Daniel Jurafsky and James H. Martin. 2025. Speech and Language Processing: An Introduction to Natural Language Processing, Computational Linguistics, and Speech Recognition with Language Models, 3rd edition.
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Strengths & Weaknesses



Strengths
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Jensen, P. A. (n.d.). LLM Evolutionary Tree. LLM Proliferation. Blog.biocomm.ai. https://blog.biocomm.ai/2023/05/14/open-source-proliferation-lim-
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Weaknesses

* No ethics or limitations sections

* The use of the BLEU score as a LE Seare nierpretatior
metI’IC <10 Almost useless

10-19 Hard to get the gist

20-29 The gist is clear, but has significant grammatical errors
30-40 Understandable to good translations

40 - 50 High quality translations

50 -60 Very high quality, adequate, and fluent translations

> 60 Quality often better than human

Evaluate models. (2024). Google Cloud. https://cloud.google.com/translate/docs/advanced/automl-evaluate
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